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Motivation

- Chinese word segmentation is not as good as perfect

- This paper propose neural graph matching networks

- This framework is capable of dealing with multi-granular input information
(word level and token level)

- Sentence matching: Matching the semantic of two sentences



Original Sentence: Fg 5 i KL K#HF ( South | Capital | City | Long | River | Big | Bridge )
Segment-1: FF T / KILAHr (Nanjing City / Yangtze River Bridge)

Segment-2: F 1T / KIL / K#F ( Nanjing City / Yangtze River / Bridge )

Segment-3: R / K / YL A#Hr ( Nanjing / Mayor / Dagiao Jiang)
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Sentence 1: What to eat for lunch Sentence 2: Steak is delicious
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Update representation

Multiperspective distances
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BQ LCQMC
Models ACC. | F1 | ACC. | F1
Text-CNN 68.5 | 69.2 | 72.8 | 75.7
BiLSTM 73.5 | 727 | 76.1 | 78.9
Lattice-CNN 782 | 783 | 82.1 | 824
BiMPM 819 | 81.7 | 83.3 | 84.9
ESIM-char 79.2 | 79.3 | 82.0 | 84.0
ESIM-word 819 | 819 | 82.6 | 84.5
GMN (Ours) 84.2 | 84.1 | 84.6 | 86.0
BERT 84.5 | 84.0 | 85.7 | 86.8
BERT-wwm 84.9 - 86.8 -
BERT-wwm-ext 84.8 - 86.6 -
ERNIE 84.6 - 87.0 -
GMN-BERT (Ours) | 85.6 | 855 | 87.3 | 88.0




